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Professional Certificate in Fraud Prevention Strategies for Online Casinos

Payment Fraud Detection Methods

Account Takeover (ATO) – unauthorized acquisition of a legitimate user’s account to conduct fraudulent
transactions. Related terms: credential stuffing, social engineering. Explanation: Fraudsters obtain login
credentials via phishing or data breaches, then use the compromised account to place bets, cash out
winnings, or move funds. Practical application: Monitoring for atypical login locations, device fingerprints,
and rapid balance changes can flag ATO. Challenges: Distinguishing genuine user behavior from fraud when
the account holder’s habits are variable; balancing security with user experience.

AML (Anti‑Money Laundering) Screening – systematic analysis of transactions and player profiles to detect
money‑laundering activities. Related terms: PEP, transaction monitoring. Explanation: Uses rule‑based and
risk‑based models to identify suspicious patterns such as structuring, rapid movement of large sums, or use
of high‑risk jurisdictions. Practical application: Integrating AML software with the casino’s payment gateway
to generate alerts for further investigation. Challenges: High false‑positive rates; keeping watchlists
up‑to‑date with evolving sanction lists.

Anomaly Detection – statistical or machine learning techniques that identify deviations from normal
transaction behavior. Related terms: outlier analysis, behavioral profiling. Explanation: Models learn baseline
patterns for each player (e.G., Typical bet size, frequency, device) and flag transactions that fall outside
expected ranges. Practical application: Real‑time scoring of deposit requests; triggering additional
verification when a deposit exceeds a player’s usual limits. Challenges: Need for large historical data sets;
adapting models to seasonality and promotional spikes.

Artificial Intelligence (AI) Models – advanced algorithms that process large volumes of payment data to
predict fraud. Related terms: machine learning, deep learning. Explanation: Supervised models are trained
on labeled fraud cases, while unsupervised models discover hidden structures without prior labeling.
Practical application: Deploying ensemble models that combine decision trees, neural networks, and logistic
regression to improve detection accuracy. Challenges: Model drift over time; explainability for regulatory
compliance; computational cost.

Bank Identification Number (BIN) Lookup – process of identifying the issuing bank and card type from the
first six digits of a payment card. Related terms: issuer verification, card‑type analysis. Explanation: Helps
verify whether the card’s country of issuance aligns with the player’s declared location, reducing
cross‑border fraud. Practical application: Blocking transactions where the BIN country mismatches the
player’s IP geolocation. Challenges: BIN ranges change frequently; legitimate travelers may trigger false
alerts.

Behavioral Biometrics – analysis of user interaction patterns such as typing rhythm, mouse movement, and
touch pressure. Related terms: continuous authentication, device fingerprinting. Explanation: Captures
subtle cues that are difficult for bots or fraudsters to replicate, adding a layer of identity verification.
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Practical application: Enforcing step‑up authentication when a user’s typing speed deviates from their
baseline during a withdrawal request. Challenges: Privacy concerns; need for large enrollment data;
variability across devices.

Blacklist Screening – checking player or payment data against known fraudulent entities. Related terms:
watchlist, sanctions list. Explanation: Uses curated lists of compromised cards, VPN providers, or high‑risk IP
ranges to reject transactions pre‑emptively. Practical application: Immediate decline of a deposit originating
from an IP address listed in a reputable threat intelligence feed. Challenges: Maintaining up‑to‑date lists;
risk of over‑blocking legitimate users using shared networks.

Chargeback Monitoring – tracking reversed payments initiated by cardholders or issuers. Related terms:
dispute management, reversal ratio. Explanation: High chargeback rates often indicate fraudulent activity,
such as friendly fraud or account takeover. Practical application: Setting thresholds (e.G., >5% Chargebacks
per month) that trigger account suspension for further review. Challenges: Distinguishing genuine customer
dissatisfaction from fraud; managing the financial impact of chargebacks.

Chip‑And‑Pin Verification – authentication method requiring cardholder entry of a personal identification
number (PIN) at the point of sale. Related terms: EMV, card present transaction. Explanation: Reduces
card‑not‑present fraud by ensuring the cardholder possesses the physical card and knows the PIN. Practical
application: Encouraging use of prepaid cards with chip‑and‑pin for deposits, especially in regions with high
card‑present fraud. Challenges: Limited applicability for online payments; user resistance to entering PINs
on web interfaces.

Clean‑Room Environment – secure data processing area where sensitive payment data is handled without
exposure to external systems. Related terms: PCI DSS, data tokenization. Explanation: Enables compliance
with card industry standards while allowing fraud analytics on masked data. Practical application: Running
AI models on tokenized transaction data inside a clean‑room to avoid PCI scope expansion. Challenges:
High operational cost; integration complexity with existing fraud platforms.

Compliance Audits – systematic reviews of processes to ensure adherence to regulatory and industry
standards. Related terms: PCI DSS, Gambling Commission. Explanation: Audits assess the adequacy of
controls around payment acceptance, data storage, and fraud response. Practical application: Conducting
quarterly internal audits to verify that AML policies are enforced across all payment channels. Challenges:
Resource intensive; need for cross‑functional coordination.

Confidence Scoring – assigning a probability value to each transaction indicating its likelihood of being
fraudulent. Related terms: risk score, threshold setting. Explanation: Scores are derived from aggregated rule
triggers, model outputs, and contextual factors. Practical application: Automatically approving transactions
with scores below 20% while flagging those above 80% for manual review. Challenges: Determining optimal
thresholds; handling score volatility during promotional periods.

Cross‑Channel Correlation – linking data from multiple interaction points (web, mobile, live chat) to build a
holistic fraud picture. Related terms: omnichannel analytics, data integration. Explanation: Fraudsters may
exploit inconsistencies between channels; correlating events helps uncover coordinated attacks. Practical
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application: Detecting a scenario where a user initiates a deposit on mobile, then immediately opens a
live‑chat session to request a withdrawal on desktop. Challenges: Data silos; latency in synchronizing
real‑time feeds.

Customer Due Diligence (CDD) – procedures to verify the identity and risk profile of a player before
allowing high‑value transactions. Related terms: KYC, enhanced due diligence (EDD). Explanation: Involves
collecting government‑issued ID, proof of address, and source‑of‑funds documentation. Practical
application: Requiring CDD for players requesting withdrawals above a specified threshold (e.G., €5,000).
Challenges: Balancing verification depth with onboarding friction; handling document authenticity.

Data Tokenization – replacing sensitive payment data with non‑sensitive equivalents (tokens) that can be
used in internal processes. Related terms: encryption, PCI DSS. Explanation: Tokens retain the format of
original data but cannot be reversed without a secure token vault. Practical application: Storing only
tokenized card numbers in the casino’s database while preserving the ability to process refunds. Challenges:
Integration with legacy systems; token vault security.

Device Fingerprinting – collection of hardware and software attributes (browser version, OS, screen
resolution) to uniquely identify a device. Related terms: browser fingerprint, persistent ID. Explanation: Helps
detect when a known fraudulent device attempts to create new accounts or place bets. Practical application:
Flagging a new account that shares a fingerprint with a previously banned player. Challenges: Users
employing privacy tools that randomize fingerprints; GDPR considerations.

Digital Identity Verification – confirming a user’s identity using electronic means such as e‑IDs, facial
recognition, or document scanning. Related terms: KYC, biometric authentication. Explanation: Automates
the collection and validation of identity documents, reducing manual review time. Practical application:
Using a selfie‑plus‑ID check to approve a high‑value deposit instantly. Challenges: False‑negative rates in
low‑light images; compliance with data protection regulations.

Dispute Resolution Workflow – structured process for handling payment disputes raised by players or
issuers. Related terms: chargeback, reconciliation. Explanation: Includes stages of intake, investigation,
response, and closure, with documented evidence at each step. Practical application: Assigning a dedicated
fraud analyst to review all withdrawal disputes exceeding a certain amount. Challenges: Tight timelines
imposed by card networks; maintaining consistent documentation.

Dynamic Velocity Controls – adaptable limits on the number or value of transactions within a defined time
window. Related terms: rate limiting, transaction caps. Explanation: Controls can increase or decrease based
on real‑time risk assessment, rather than static thresholds. Practical application: Allowing a player to make
three deposits per hour under low risk, but restricting to one when a high‑risk indicator appears.
Challenges: Configuring rules that are neither too restrictive nor too permissive during peak traffic.

Electronic Funds Transfer (EFT) Monitoring – surveillance of bank‑to‑bank transfers, including ACH and
SEPA, for suspicious activity. Related terms: wire fraud, bank verification. Explanation: EFTs are less reversible
than card payments, making early detection critical. Practical application: Flagging large inbound EFTs that
exceed a player’s declared source‑of‑funds limits. Challenges: Limited real‑time visibility; reliance on
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banking partners for timely alerts.

Enhanced Due Diligence (EDD) – intensified investigative procedures for high‑risk players or jurisdictions.
Related terms: CDD, risk profiling. Explanation: May involve deeper source‑of‑funds analysis, ongoing
transaction monitoring, and senior‑level approvals. Practical application: Applying EDD to players from
sanctioned countries before permitting any deposit. Challenges: Resource heavy; potential to alienate
high‑value customers.

False Positive Management – strategies to reduce the number of legitimate transactions incorrectly flagged
as fraud. Related terms: precision, customer friction. Explanation: Involves tuning rule thresholds, employing
secondary checks, and providing quick remediation paths. Practical application: Offering a “review later”
option that allows a flagged deposit to proceed after a short manual verification delay. Challenges:
Balancing risk reduction with user satisfaction; measuring impact on conversion rates.

Fraudster Attribution – process of linking fraudulent activities to specific individuals or groups. Related
terms: threat intelligence, actor profiling. Explanation: Uses IP reputation, device fingerprints, and behavioral
patterns to build an attribution profile. Practical application: Sharing identified fraudster signatures with
industry sharing platforms to improve collective defense. Challenges: Attribution often remains probabilistic;
legal constraints on sharing personal data.

Geolocation Verification – confirming that a player’s IP address, GPS, or network location aligns with their
claimed residence. Related terms: IP geolocation, VPN detection. Explanation: Discrepancies may indicate
use of anonymizing services or account takeover. Practical application: Requiring additional KYC steps when
a deposit originates from an IP country different from the player’s registered address. Challenges: Accuracy
of geolocation databases; legitimate travelers using mobile data.

Hybrid Fraud Detection Model – combination of rule‑based, statistical, and AI techniques to capture a
broader range of fraud scenarios. Related terms: ensemble learning, multi‑layered defense. Explanation:
Rules handle known patterns, statistical models detect subtle shifts, and AI uncovers complex, non‑linear
relationships. Practical application: Deploying a pipeline where a transaction first passes rule checks, then a
scoring model, and finally an AI anomaly detector before final decision. Challenges: Increased system
complexity; need for coordinated model governance.

Identity Theft Detection – mechanisms that identify when a legitimate player’s personal data has been
stolen and used fraudulently. Related terms: account takeover, synthetic identity. Explanation: Signals
include mismatched personal details, sudden changes in contact information, and abnormal transaction
patterns. Practical application: Triggering a “verify identity” prompt when a player’s email is updated to a
new domain after a large withdrawal request. Challenges: Rapidly evolving tactics of thieves; false alerts
when users legitimately change contact details.

IP Reputation Scoring – assigning risk values to IP addresses based on known malicious activity, proxy
usage, or hosting type. Related terms: proxy detection, threat intelligence. Explanation: High‑risk IPs are
more likely to be associated with fraudulent attempts. Practical application: Blocking deposits from IPs
flagged as Tor exit nodes or known VPN services. Challenges: Dynamic IP pools; legitimate users with
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corporate VPNs.

Know Your Customer (KYC) – regulatory requirement to verify the identity of players before allowing certain
financial activities. Related terms: CDD, AML. Explanation: Involves collecting name, date of birth, address,
and government‑issued ID, often supplemented with biometric checks. Practical application: Enforcing KYC
on all players who wish to withdraw more than €1,000 in a 24‑hour period. Challenges: Maintaining
compliance across jurisdictions; handling document fraud.

Latency‑Based Monitoring – observing the time intervals between user actions to detect automated or
scripted behavior. Related terms: bot detection, speed anomalies. Explanation: Human actions have natural
variability; unusually consistent timing may indicate a bot. Practical application: Flagging a series of rapid
bets placed within milliseconds of each other for further review. Challenges: High‑frequency legitimate
traders may be mistakenly flagged; need for calibrated thresholds.

Machine‑Learning Feature Engineering – process of selecting and transforming raw data into meaningful
inputs for fraud models. Related terms: model training, predictor variables. Explanation: Features may
include transaction amount, time of day, device hash, and historical chargeback frequency. Practical
application: Creating a “deposit‑to‑withdrawal ratio” feature to capture abnormal cash‑flow patterns.
Challenges: Feature drift; ensuring features do not inadvertently encode protected attributes.

Multi‑Factor Authentication (MFA) – security method requiring two or more verification elements
(something you know, have, or are). Related terms: 2FA, step‑up authentication. Explanation: Enhances
account security by making it harder for attackers to gain full access with just a password. Practical
application: Requiring a one‑time code sent via SMS when a player initiates a withdrawal above a set limit.
Challenges: User inconvenience; reliance on SMS which can be intercepted.

Negative List Management – maintaining a catalog of prohibited entities, such as banned players,
compromised cards, or high‑risk jurisdictions. Related terms: blacklist, sanctions list. Explanation:
Transactions involving any element from the negative list are automatically denied or routed for review.
Practical application: Auto‑rejecting deposits from credit cards flagged in a shared industry fraud database.
Challenges: Keeping the list current; avoiding over‑blocking legitimate users sharing infrastructure.

Outlier Analysis – statistical examination of data points that deviate markedly from the norm. Related terms:
anomaly detection, z‑score. Explanation: Identifies transactions that lie beyond typical variance, which may
indicate fraud. Practical application: Using interquartile range to detect deposits that are three times larger
than a player’s median deposit amount. Challenges: Sensitive to data distribution; may miss sophisticated
fraud that mimics normal patterns.

Pattern‑Based Rule Engine – system that applies predefined logical conditions to detect known fraud
signatures. Related terms: rule set, signature detection. Explanation: Rules are written in human‑readable
syntax and can be updated quickly to respond to emerging threats. Practical application: Blocking any
deposit where the card BIN country differs from the player’s IP country and the transaction amount exceeds
€500. Challenges: Rule explosion leading to maintenance burden; inability to catch novel attack vectors.
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Payment Card Industry Data Security Standard (PCI DSS) – set of security standards for organizations
handling cardholder data. Related terms: tokenization, compliance audit. Explanation: Requires measures
such as network segmentation, encryption, and regular vulnerability scanning. Practical application: Ensuring
that all card data is encrypted in transit and stored only as tokens within a PCI‑compliant vault. Challenges:
High compliance cost; frequent updates to the standard.

Phishing Detection – techniques to identify fraudulent communications that trick users into revealing
credentials. Related terms: social engineering, email spoofing. Explanation: Uses content analysis, sender
reputation, and link safety checks to flag suspicious messages. Practical application: Sending automated
alerts to players when a known phishing URL is detected in an email claim of “account verification.”
Challenges: Rapid evolution of phishing tactics; false positives on legitimate marketing emails.

Pre‑Authorization Checks – temporary holds placed on a payment method to verify availability before final
settlement. Related terms: auth capture, card verification. Explanation: Confirms that the payer has sufficient
funds and that the card is active, reducing declined transactions. Practical application: Issuing a €1
pre‑authorization when a player registers a new payment method, then releasing it after successful
verification. Challenges: Potential user annoyance; handling cases where pre‑authorizations affect available
balance.

Risk‑Based Authentication (RBA) – adaptive security that adjusts authentication requirements based on the
assessed risk of a transaction. Related terms: MFA, contextual verification. Explanation: Low‑risk actions may
proceed with a password only, while high‑risk actions trigger additional challenges. Practical application:
Prompting a biometric verification only when a player attempts a withdrawal that exceeds their typical
pattern. Challenges: Accurate risk scoring; ensuring seamless user experience.

Sandbox Testing – controlled environment where new fraud detection rules or models are evaluated
without impacting live traffic. Related terms: A/B testing, staging environment. Explanation: Allows analysts
to measure false‑positive/negative rates, performance impact, and rule interactions. Practical application:
Deploying a new velocity rule in a sandbox for 48 hours, then comparing its detection rate against historical
data. Challenges: Replicating production data volume; potential bias if sandbox traffic differs from live
traffic.

Secure Socket Layer (SSL) / Transport Layer Security (TLS) – cryptographic protocols that protect data in
transit between client and server. Related terms: encryption, certificate validation. Explanation: Prevents
man‑in‑the‑middle attacks that could intercept payment credentials. Practical application: Enforcing TLS 1.2
Or higher for all payment API calls and disabling outdated cipher suites. Challenges: Compatibility with
older browsers; ensuring proper certificate management.

Self‑Exclusion Monitoring – tracking of players who have voluntarily opted out of gambling activities,
ensuring they cannot place bets. Related terms: responsible gaming, player protection. Explanation:
Fraudsters may attempt to create new accounts to bypass self‑exclusion, leading to financial losses. Practical
application: Cross‑checking new sign‑up data against a central self‑exclusion list and denying access if a
match is found. Challenges: Identity fraud where a banned player uses false documents; data sharing
constraints across jurisdictions.
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Session Hijacking Detection – identification of unauthorized takeover of an active user session. Related
terms: session fixation, cookie theft. Explanation: Indicators include sudden IP changes, abnormal request
patterns, or mismatched user agents within a single session. Practical application: Invalidating a session and
requiring re‑authentication when a player’s session token is used from a different geographic location.
Challenges: Balancing security with continuity for legitimate multi‑device users.

SIM Swapping Awareness – recognizing attempts where fraudsters hijack a victim’s mobile number to
intercept SMS‑based OTPs. Related terms: MFA, social engineering. Explanation: Once the SIM is swapped,
attackers can receive one‑time codes and gain account access. Practical application: Offering app‑based
push notifications as an alternative to SMS for high‑value withdrawals. Challenges: Detecting the swap in
real time; educating users about the risk.

Source‑of‑Funds (SOF) Verification – confirming that the money used for deposits originates from
legitimate activities. Related terms: AML, risk profiling. Explanation: Requires documentation such as bank
statements, payroll slips, or business invoices. Practical application: Requesting a recent pay‑stub when a
player attempts a deposit exceeding €10,000. Challenges: Verifying authenticity of documents; respecting
privacy regulations.

Static Rule Set – collection of unchanging conditions used to filter transactions based on known fraud
patterns. Related terms: pattern‑based engine, signature detection. Explanation: Rules are defined by
analysts and remain constant until manually updated. Practical application: Blocking any deposit where the
billing address country is listed as a sanctioned jurisdiction. Challenges: Inflexibility against emerging tactics;
frequent manual updates required.

Threat Intelligence Feeds – external data sources providing real‑time information on malicious actors, IPs,
and compromised credentials. Related terms: negative list, reputation scoring. Explanation: Feeds are
integrated into fraud platforms to enrich risk assessments. Practical application: Consuming a daily feed of
compromised card numbers to automatically deny associated deposits. Challenges: Data quality variance;
subscription costs.

Transaction Aggregation Analysis – reviewing cumulative transaction amounts over a defined period to spot
abnormal activity. Related terms: velocity controls, daily limit. Explanation: A single large transaction may be
benign, but repeated deposits that sum to an unusually high total can indicate layering. Practical
application: Alerting when a player’s total deposits in 24 hours exceed 3× their average weekly volume.
Challenges: Determining appropriate aggregation windows; handling seasonal spikes.

Transaction Reconciliation – process of matching internal transaction records with external payment
processor statements. Related terms: settlement, audit trail. Explanation: Ensures that every deposit and
withdrawal is accounted for, highlighting discrepancies that may signal fraud. Practical application: Running
nightly reconciliation scripts that flag any unmatched withdrawal requests for investigation. Challenges:
Timing differences between systems; handling partial refunds.

Trusted Device Registration – allowing users to mark a device as trusted after successful verification,
reducing friction for future logins. Related terms: device fingerprinting, MFA. Explanation: Trusted devices
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bypass certain step‑up authentication checks unless abnormal behavior is detected. Practical application:
Offering a “Remember this device” option that skips SMS OTP for low‑risk withdrawals. Challenges: Potential
for device compromise; managing device revocation.

Unstructured Data Mining – extracting insights from free‑form text such as chat logs, emails, and support
tickets to detect fraud cues. Related terms: natural language processing, sentiment analysis. Explanation:
Patterns like repeated mention of “blocked card” or “account hacked” can surface hidden fraud trends.
Practical application: Using NLP to flag support tickets that contain phrases associated with phishing
attempts. Challenges: Language diversity; false positives from benign complaints.

User Behavior Analytics (UBA) – continuous monitoring of player actions to build a baseline profile and
detect deviations. Related terms: behavioral biometrics, anomaly detection. Explanation: Captures metrics
such as login time, betting frequency, and navigation paths. Practical application: Automatically challenging
a withdrawal when a player’s betting pattern shifts from low‑risk slots to high‑risk table games within
minutes. Challenges: Data privacy; ensuring models adapt to legitimate changes in user habits.

Virtual Currency Conversion Monitoring – overseeing the exchange of fiat money into in‑game tokens or
cryptocurrencies. Related terms: crypto AML, exchange rate risk. Explanation: Fraudsters may exploit
conversion mechanisms to obscure fund origins. Practical application: Applying stricter KYC checks when a
player converts fiat to crypto tokens exceeding a preset threshold. Challenges: Rapid price volatility;
regulatory ambiguity in some jurisdictions.

Whitelist Management – maintaining a list of approved entities (e.G., Trusted payment processors, partner
banks) that receive reduced scrutiny. Related terms: negative list, risk exemption. Explanation: Facilitates
smoother transactions for known good partners while focusing resources on unknown sources. Practical
application: Allowing immediate deposit approval for cards issued by partner banks that have passed a joint
risk assessment. Challenges: Risk of complacency; ensuring whitelisted entities remain compliant over time.

Web Application Firewall (WAF) Rules – security policies that filter and monitor HTTP traffic to protect
against injection attacks and bots. Related terms: bot mitigation, SQL injection. Explanation: WAF can block
malicious scripts that attempt to scrape card data or automate bet placement. Practical application:
Enforcing rate limits on the deposit API endpoint to deter automated credential stuffing. Challenges: Tuning
rules to avoid blocking legitimate high‑traffic events during promotions.

Zero‑Day Fraud Pattern Response – rapid development and deployment of controls to address newly
discovered fraud techniques. Related terms: incident response, threat hunting. Explanation: Involves a
cross‑functional team that analyses the new pattern, creates temporary rules, and then refines long‑term
solutions. Practical application: Rolling out an interim block on a newly identified card‑testing script within
hours of detection. Challenges: Limited information in the early stages; coordination across technology,
compliance, and legal teams.
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