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Advanced Certificate in Professional Development in Marketing Psychology (United Kingdom)

Consumer Insight Analytics

Attitudinal Segmentation – Concept: dividing a market based on consumer attitudes, beliefs, and values.
Related terms: psychographic segmentation, value‑based profiling. Explanation: Attitudinal segmentation
captures the “why” behind purchase decisions, revealing motivations such as status seeking, sustainability
concerns, or health consciousness. Example: A beverage company discovers that one segment values
“natural ingredients” while another prioritises “energy boost”. Practical application: Tailor messaging to each
segment, using “all‑natural” claims for the former and “performance‑enhancing” language for the latter.
Challenges: Attitudinal data often comes from self‑reported surveys, which can be biased; integrating it with
behavioural data requires careful data‑matching protocols.

Awareness Funnel – Concept: the top‑stage model that tracks how consumers move from brand awareness
to consideration. Related terms: marketing funnel, conversion funnel. Explanation: The awareness funnel
measures reach, recall, and recognition, typically using metrics like ad impressions, aided recall scores, and
unaided brand recall. Example: A UK fashion retailer runs a TV campaign, then surveys a sample to
determine aided recall (percentage of respondents who recognise the brand when prompted). Practical
application: Optimise media mix by allocating spend to channels that lift aided recall most efficiently.
Challenges: Attribution is difficult when multiple touchpoints influence awareness; recall can be fleeting,
requiring timely measurement.

Affinity Index – Concept: a ratio that compares a segment’s propensity to engage with a brand against the
overall market. Related terms: index score, benchmarking. Explanation: Calculated as (segment’s % of brand
users ÷ segment’s % of total population) × 100, the index highlights over‑ or under‑performance. Example:
If 20 % of “eco‑conscious millennials” purchase a product, compared with 10 % of the overall market, the
affinity index is 200, indicating strong affinity. Practical application: Prioritise media placements and product
development for high‑affinity segments. Challenges: Small sample sizes can inflate index values;
demographic drift may shift affinity over time.

A/B Testing – Concept: experimental method that compares two variants to determine which performs
better on a defined metric. Related terms: split testing, multivariate testing. Explanation: In consumer insight
analytics, A/B tests are used on website copy, email subject lines, or ad creatives, measuring outcomes such
as click‑through rate (CTR) or conversion. Example: An e‑commerce site tests two product‑page layouts,
finding a 12 % lift in add‑to‑cart rate for version B. Practical application: Deploy winning variants at scale to
improve ROI. Challenges: Statistical significance requires adequate sample size; external factors (seasonality,
promotions) can confound results if not controlled.

Behavioral Data – Concept: objective records of consumer actions, such as clicks, purchases, and dwell time.
Related terms: transactional data, digital footprint. Explanation: Unlike attitudinal data, behavioural data is
passively collected and less prone to self‑report bias. Example: A grocery chain captures basket composition
via loyalty card scans, revealing purchase frequencies for organic versus conventional products. Practical
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application: Build predictive models that forecast churn based on declining purchase frequency. Challenges:
Privacy regulations (GDPR) limit data collection; data silos can impede holistic analysis.

Brand Equity – Concept: the value added to a product by its brand name, perception, and loyalty. Related
terms: brand resonance, brand asset. Explanation: Measured through metrics such as perceived quality,
emotional connection, and willingness‑to‑pay a premium. Example: A premium chocolate brand commands
a 15 % price premium, attributable to strong equity. Practical application: Justify marketing spend by linking
equity improvements to revenue uplift. Challenges: Quantifying equity is inherently abstract; requires
triangulation of survey, market, and financial data.

Buzz Monitoring – Concept: tracking spontaneous consumer conversations about a brand across media.
Related terms: social listening, sentiment analysis. Explanation: Utilises keyword tracking, volume spikes, and
sentiment scoring to capture organic buzz. Example: After a product launch, a cosmetics company observes
a surge in “#glowup” mentions, indicating positive buzz. Practical application: Identify viral moments early
and amplify them through paid media. Challenges: Noise from unrelated chatter; language nuances and
sarcasm can mislead sentiment algorithms.

Benchmarking – Concept: comparing a brand’s performance against industry standards or competitors.
Related terms: performance index, relative ranking. Explanation: Benchmarks can be based on share of
voice, conversion rates, or customer satisfaction scores. Example: A UK telecom measures its NPS against
the sector average of 45, finding its own score of 38. Practical application: Set realistic targets and allocate
resources to close gaps. Challenges: Benchmarks may become outdated quickly; differences in
methodology can distort comparisons.

Consumer Journey Mapping – Concept: visual representation of the steps a consumer takes from awareness
to post‑purchase. Related terms: touchpoint mapping, experience blueprint. Explanation: Incorporates
touchpoints, emotions, pain points, and decision criteria. Example: A home‑appliance brand plots a journey
that includes showroom visits, online research, in‑store demo, and after‑sales support. Practical application:
Identify friction points where conversion drops, then redesign the experience (e.g., streamline checkout).
Challenges: Capturing omnichannel interactions accurately; ensuring the map reflects diverse customer
paths, not a single linear narrative.

Conversion Funnel – Concept: a staged model that quantifies the drop‑off of prospects as they move
toward purchase. Related terms: sales funnel, drop‑off rate. Explanation: Typically includes stages such as
awareness, interest, desire, and action (AIDA). Example: An online retailer records 100 000 site visits, 30 000
product page views, 8 000 add‑to‑cart events, and 2 000 completed purchases, revealing a 25 % conversion
at the final stage. Practical application: Optimise each stage with targeted interventions (e.g., retargeting
ads for cart abandoners). Challenges: Attribution across multiple devices; funnel leakage caused by external
factors like price changes.

Cohort Analysis – Concept: grouping users based on a shared characteristic (e.g., acquisition month) to track
behaviour over time. Related terms: segment analysis, lifetime value tracking. Explanation: Highlights how
different cohorts perform, revealing retention trends or the impact of product updates. Example: Users who
signed up in January 2024 show a 40 % 30‑day retention, whereas the February cohort shows 55 % retention
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after a UI redesign. Practical application: Test the effect of new features on specific cohorts before rolling
out broadly. Challenges: Cohort sizes may be small, leading to volatile metrics; external events (seasonality)
can affect cohort behaviour.

Contextual Targeting – Concept: delivering ads based on the content or environment of a web page rather
than user demographics. Related terms: behavioral targeting, semantic targeting. Explanation: Uses keyword
analysis and page classification to align ads with relevant content, increasing relevance. Example: A travel
insurer places ads on articles about “backpacking Europe,” targeting readers actively planning trips. Practical
application: Boost click‑through rates while maintaining compliance with privacy regulations that restrict
personal data use. Challenges: Accurate content classification at scale; avoiding brand safety issues on
unsuitable pages.

Demographic Profiling – Concept: categorising consumers by age, gender, income, education, and other
census‑type variables. Related terms: population segmentation, market demographics. Explanation: Provides
a foundational layer for deeper psychographic or behavioural analysis. Example: A luxury watch brand
identifies its core demographic as males aged 35‑55 with household incomes above £150 k. Practical
application: Allocate media spend to channels frequented by the target demographic (e.g., business
publications). Challenges: Over‑reliance on demographics can mask nuanced motivations; demographic
shifts require continual data refresh.

Data Triangulation – Concept: combining multiple data sources to validate insights and reduce bias. Related
terms: mixed‑methods research, cross‑validation. Explanation: Merges quantitative (e.g., sales data) with
qualitative (e.g., focus groups) and secondary (e.g., industry reports) to build a robust narrative. Example: A
retailer cross‑checks POS sales spikes with social media sentiment spikes to confirm a successful campaign.
Practical application: Strengthen business cases for new product launches by showing convergent evidence.
Challenges: Aligning disparate data formats; ensuring temporal alignment for accurate correlation.

Decision Tree Modeling – Concept: a predictive algorithm that splits data based on variable thresholds to
forecast outcomes. Related terms: classification tree, random forest. Explanation: Provides interpretable
rules (e.g., “If income > £80 k and age 30‑45, probability of purchase = 0.78”). Example: A telecom uses a
decision tree to predict churn, finding that high data usage combined with low contract length drives
attrition. Practical application: Deploy rule‑based interventions (e.g., targeted retention offers) without
needing complex black‑box models. Challenges: Over‑fitting on training data; trees can become unwieldy
with many variables, necessitating pruning.

Digital Footprint – Concept: the aggregate of a consumer’s online activities, including browsing, social
interactions, and device usage. Related terms: online behaviour, behavioral profile. Explanation: Serves as a
proxy for interests, purchase intent, and brand affinity. Example: A streaming service tracks genre searches,
watch‑time, and device type to recommend content. Practical application: Personalise homepage layouts in
real time based on inferred preferences. Challenges: Data privacy compliance; fragmented data across
platforms limits a single, unified view.

Emotion Analytics – Concept: measurement of affective responses using facial coding, voice tone, or
physiological signals. Related terms: affective computing, neuromarketing. Explanation: Captures
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subconscious reactions that may predict purchase intent more accurately than self‑report. Example: During
a TV ad test, participants’ facial expression analysis shows a spike in joy at the product reveal, correlating
with higher ad recall. Practical application: Refine creative assets to amplify positive emotions, thereby
enhancing brand resonance. Challenges: High cost of equipment; cultural differences in emotional
expression can affect interpretation.

Engagement Score – Concept: composite metric that quantifies the depth of consumer interaction with a
brand across channels. Related terms: interaction metric, customer activity index. Explanation: May combine
likes, comments, shares, time on site, and repeat visits, weighted by strategic importance. Example: A
fashion retailer assigns a 0‑100 score, where a user with 5 product page views, 2 social comments, and a
newsletter click receives a score of 72. Practical application: Segment high‑engagement users for loyalty
programmes. Challenges: Determining appropriate weighting; risk of over‑emphasising vanity metrics (e.g.,
likes) that do not translate to revenue.

Ecosystem Mapping – Concept: visualising the network of brands, influencers, media, and touchpoints that
shape a consumer’s decision environment. Related terms: brand ecosystem, influence diagram. Explanation:
Highlights indirect influences such as peer recommendations, complementary products, and cultural trends.
Example: A health‑food brand maps connections between fitness influencers, gym chains, and recipe blogs
that collectively drive purchase. Practical application: Identify partnership opportunities that extend reach
beyond owned media. Challenges: Mapping dynamic, informal relationships; quantifying the impact of each
node in the ecosystem.

Exploratory Data Analysis (EDA) – Concept: preliminary investigation of data sets to discover patterns,
anomalies, and relationships. Related terms: data profiling, descriptive statistics. Explanation: Involves visual
tools (histograms, box plots) and summary metrics (mean, median, variance). Example: An analyst examines
a new loyalty dataset, discovering a bimodal distribution of purchase frequency, prompting segmentation.
Practical application: Inform hypothesis generation for deeper modelling work. Challenges: Time‑consuming
with large data; risk of “data dredging” leading to spurious findings.

Feedback Loop – Concept: cyclical process where consumer insights inform actions, whose outcomes are
then re‑measured. Related terms: continuous improvement, closed‑loop analytics. Explanation: Ensures that
insights translate into tangible business changes and that results are monitored for effectiveness. Example:
After launching a new packaging design, a brand collects post‑purchase surveys, analyses satisfaction
scores, and iterates the design. Practical application: Accelerate learning cycles, reducing time‑to‑market for
improvements. Challenges: Maintaining data integrity across iterations; organisational silos can break the
loop.

First‑Party Data – Concept: information collected directly from consumers by the brand itself. Related terms:
zero‑party data, owned data. Explanation: Includes website registrations, purchase histories, and preference
settings, offering high accuracy and compliance friendliness. Example: An online retailer gathers email
addresses and product preferences during checkout, enabling targeted campaigns. Practical application:
Build personalised recommendation engines without reliance on third‑party cookies. Challenges: Requires
investment in data capture infrastructure; must continually encourage customers to share data.
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Frequency Capping – Concept: limiting the number of times an individual sees a specific advertisement
within a set period. Related terms: ad exposure control, impression throttling. Explanation: Prevents ad
fatigue and optimises spend efficiency. Example: A car manufacturer caps display ads at three impressions
per user per week. Practical application: Maintain positive brand perception while maximising reach.
Challenges: Accurate user identification across devices; balancing caps with campaign reach goals.

Funnel Leakage – Concept: loss of prospects at any stage of the conversion funnel, leading to lower overall
conversion rates. Related terms: drop‑off points, abandonment rate. Explanation: Identified through
analytics that pinpoint where users exit the journey. Example: An e‑commerce site finds a 45 % cart
abandonment rate, indicating leakage at the checkout stage. Practical application: Implement streamlined
checkout, guest checkout options, and exit‑intent offers to plug leaks. Challenges: Multi‑device journeys
complicate attribution; external factors (shipping costs) may drive leakage beyond controllable variables.

Growth Modeling – Concept: forecasting future market or revenue expansion using statistical or machine
learning techniques. Related terms: forecasting model, scenario analysis. Explanation: Incorporates drivers
such as market size, adoption rates, pricing, and competitive dynamics. Example: A SaaS firm predicts a 20 %
CAGR over three years by modelling customer acquisition cost, churn, and upsell potential. Practical
application: Inform budgeting, staffing, and investor communications. Challenges: Model assumptions may
become invalid; unexpected macro‑economic shocks can drastically alter trajectories.

Geo‑Targeting – Concept: delivering marketing messages based on a consumer’s geographic location.
Related terms: location‑based marketing, regional segmentation. Explanation: Utilises IP addresses, GPS
data, or postal codes to tailor offers. Example: A UK retailer promotes a rain‑coat discount in regions
experiencing forecasted heavy rain. Practical application: Increase relevance and conversion by aligning
offers with local conditions. Challenges: Accuracy of location data; privacy concerns around location
tracking.

Gamified Insights – Concept: collecting consumer data through interactive, game‑like experiences. Related
terms: participatory research, experience sampling. Explanation: Engages participants, boosting response
rates while gathering behavioural cues. Example: A snack brand creates an online quiz that reveals taste
preferences, rewarding participants with discount codes. Practical application: Enrich first‑party data and
build brand affinity. Challenges: Designing games that are enjoyable yet analytically robust; ensuring data
validity.

Granular Segmentation – Concept: creating highly specific consumer groups based on multiple dimensions
(e.g., age + income + purchase frequency). Related terms: micro‑segmentation, hyper‑targeting. Explanation:
Enables precision marketing but increases complexity. Example: Segmenting “urban professionals, aged
30‑35, who buy premium coffee weekly.” Practical application: Deploy bespoke email copy and product
bundles to each micro‑segment. Challenges: Data sparsity; risk of over‑personalisation leading to privacy
backlash.

Heatmap Analysis – Concept: visual representation of user interaction intensity on a webpage or app screen.
Related terms: click‑map, mouse‑tracking. Explanation: Shows where users hover, click, or scroll, indicating
areas of interest or confusion. Example: A travel booking site’s heatmap reveals that users ignore a “special

Read online: https://certificates.lsba.org.uk/glossaries/3952143/
consumer-insight-analytics

London School of Business and Administration · 22 Jun 2026



G LO S S A RY

offers” banner placed at the bottom of the page. Practical application: Re‑position high‑value CTAs to
high‑attention zones. Challenges: Heatmaps aggregate data, potentially masking individual navigation
paths; mobile gestures differ from desktop clicks.

Holistic Insight – Concept: an integrated understanding that combines quantitative, qualitative, and
contextual data. Related terms: 360‑degree view, integrated analytics. Explanation: Moves beyond isolated
metrics to a comprehensive narrative about consumer motivations, behaviours, and environment. Example:
A cosmetics brand merges sales data, social sentiment, and in‑store interview findings to explain a sales dip.
Practical application: Develop cross‑functional strategies that address root causes rather than symptoms.
Challenges: Requires cross‑department collaboration; aligning disparate data formats can be technically
demanding.

Hypothesis Testing – Concept: statistical procedure to evaluate whether observed data supports a
predefined hypothesis. Related terms: null hypothesis, p‑value. Explanation: Commonly used to validate the
impact of marketing interventions. Example: Testing whether a new landing‑page headline increases
conversion, with a 95 % confidence level confirming significance. Practical application: Make evidence‑based
decisions rather than relying on intuition. Challenges: Misinterpretation of statistical significance; multiple
testing can inflate false‑positive rates.

Human‑Centric Design – Concept: designing products and experiences that prioritise real user needs and
behaviours. Related terms: user‑centered design, design thinking. Explanation: Involves empathy research,
prototyping, and iterative testing. Example: A mobile app redesign incorporates user feedback loops to
simplify navigation, resulting in a 10 % reduction in support tickets. Practical application: Aligns product
development with consumer expectations, boosting adoption. Challenges: Balancing diverse user
preferences; resource constraints may limit extensive testing.

Intent Data – Concept: signals that indicate a consumer’s likelihood to purchase, often derived from content
consumption patterns. Related terms: in‑market audience, behavioural intent. Explanation: Includes visits to
product comparison pages, downloads of spec sheets, or attendance at webinars. Example: A B2B software
vendor scores leads higher when a prospect downloads a case study and registers for a demo. Practical
application: Prioritise sales outreach to high‑intent leads, improving conversion efficiency. Challenges:
Distinguishing true intent from casual browsing; privacy considerations when aggregating behavioural
signals.

In‑Market Audiences – Concept: consumer groups actively researching or evaluating products within a
specific category. Related terms: purchase intent segment, propensity audience. Explanation: Identified
through intent data, search behaviour, and engagement with category‑specific content. Example: Users who
frequently read articles about “best electric cars” are tagged as in‑market for EVs. Practical application:
Allocate media spend to reach these audiences with conversion‑focused messaging. Challenges: Rapid
movement of audiences in and out of the in‑market state; requires real‑time data pipelines.

Interaction Metrics – Concept: quantitative measures of how consumers engage with brand assets (e.g.,
clicks, scroll depth, video completion). Related terms: engagement score, behavioral KPI. Explanation:
Provide granular insight into attention and interest levels. Example: A video ad achieves 70 % average
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completion, indicating strong engagement. Practical application: Optimise creative length and placement
based on interaction patterns. Challenges: Metric overload; distinguishing meaningful interaction from
accidental clicks.

Insight Dashboard – Concept: visual interface that consolidates key consumer analytics for quick
consumption by stakeholders. Related terms: business intelligence (BI) tool, reporting portal. Explanation:
Features charts, filters, and drill‑down capabilities to explore data. Example: A marketing manager views a
dashboard showing weekly NPS trends, top‑performing campaigns, and segment growth. Practical
application: Accelerate decision‑making by providing real‑time access to critical metrics. Challenges:
Ensuring data quality and consistency; avoiding “dashboard fatigue” where too many widgets obscure core
insights.

Journey Analytics – Concept: measurement of consumer behaviours across multiple touchpoints over time.
Related terms: cross‑channel tracking, path analysis. Explanation: Uses event data to map the sequence and
frequency of interactions. Example: A telecom tracks a user’s path from social ad click → website visit →
store visit → contract sign. Practical application: Identify high‑value pathways and optimise
underperforming routes. Challenges: Stitching together data from disparate systems; handling
privacy‑by‑design constraints.

JIT (Just‑In‑Time) Personalisation – Concept: delivering tailored content at the exact moment a consumer is
ready to receive it. Related terms: real‑time personalization, contextual relevance. Explanation: Leverages
immediate behavioural cues (e.g., cart abandonment) to trigger specific offers. Example: An online retailer
sends a push notification with a 10 % discount as a user lingers on the checkout page. Practical application:
Increase conversion by reducing friction and offering timely incentives. Challenges: Latency in data
processing; risk of perceived intrusiveness if relevance is low.

Joint Attribution – Concept: assigning credit for a conversion across multiple marketing touchpoints rather
than a single “last click”. Related terms: multi‑touch attribution, data‑driven attribution. Explanation: Uses
statistical models (e.g., Markov chains) to allocate fractional credit. Example: A consumer sees a display ad,
clicks a search ad, then purchases after an email reminder; joint attribution distributes credit proportionally.
Practical application: Optimise budget allocation based on true contribution of each channel. Challenges:
Complex modelling; data integration across platforms; attribution decay over long purchase cycles.

Job‑to‑Be‑Done (JTBD) – Concept: framework that defines the underlying functional, social, and emotional
tasks a consumer hires a product to accomplish. Related terms: consumer need theory, outcome‑driven
innovation. Explanation: Shifts focus from product features to the progress a consumer seeks. Example: A
coffee brand discovers that “need for a quick, comforting break” drives purchase rather than just caffeine
content. Practical application: Innovate product lines that fulfil the identified job (e.g., ready‑to‑drink
premium blends). Challenges: Uncovering latent jobs requires deep qualitative research; translating JTBD
insights into measurable metrics.

Key Driver Analysis – Concept: statistical technique that identifies which variables most strongly influence a
target outcome (e.g., satisfaction). Related terms: regression analysis, importance‑performance matrix.
Explanation: Often uses multiple regression or partial least squares to rank drivers. Example: An airline finds
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that “on‑time performance” and “cabin comfort” are top drivers of overall satisfaction. Practical application:
Prioritise operational improvements that will most boost NPS. Challenges: Multicollinearity among
predictors; causality cannot be definitively proven without experimental design.

Kano Model – Concept: categorises product features into “must‑be”, “performance”, and “delighters” based
on customer satisfaction impact. Related terms: feature prioritisation, quality function deployment.
Explanation: Uses survey data where respondents rate each feature as “like”, “expect”, or “neutral”. Example:
For a smart thermostat, temperature accuracy is a must‑be, while voice‑control is a delighter. Practical
application: Focus development resources on performance attributes while maintaining must‑be standards.
Challenges: Survey fatigue; cultural differences may shift feature classifications.

Knowledge Graphs – Concept: network‑based data structures that map entities (products, consumers) and
their relationships. Related terms: semantic network, entity‑relationship model. Explanation: Enables
advanced query capabilities and recommendation logic. Example: A retailer builds a knowledge graph
linking “organic” tags, “sustainability certifications”, and “consumer purchase history”. Practical application:
Power contextual product recommendations that surface items sharing relevant attributes. Challenges: Data
governance; ensuring graph stays up‑to‑date with evolving product taxonomy.

Kernel Density Estimation (KDE) – Concept: non‑parametric technique for estimating the probability density
function of a continuous variable. Related terms: probability distribution, smooth histogram. Explanation:
Provides a smooth curve that reveals underlying data patterns without assuming a specific distribution.
Example: Visualising the distribution of purchase amounts to identify natural spending clusters. Practical
application: Inform price‑point segmentation and promotional targeting. Challenges: Selecting appropriate
bandwidth; computational intensity on large datasets.

Lifetime Value (LTV) – Concept: projected net profit attributed to the entire future relationship with a
customer. Related terms: customer equity, CLV (customer lifetime value). Explanation: Calculated by
summing discounted cash flows from repeat purchases, minus acquisition and service costs. Example: A
subscription box service estimates an LTV of £250 over three years for a typical subscriber. Practical
application: Benchmark acquisition cost; allocate resources to high‑LTV segments. Challenges: Forecasting
churn accurately; discount rate selection can dramatically alter LTV estimates.

Look‑Alike Modelling – Concept: identifying new prospects who share characteristics with existing
high‑value customers. Related terms: similar audience targeting, propensity modelling. Explanation: Uses
machine learning to compare behavioural and demographic attributes. Example: A fintech firm builds a
look‑alike model based on users with high wallet usage, then targets similar profiles via programmatic ads.
Practical application: Expand reach efficiently while maintaining conversion potential. Challenges: Model
bias can replicate existing demographic imbalances; privacy regulations restrict sharing of granular
customer data.

Latent Class Analysis (LCA) – Concept: statistical method for uncovering hidden (latent) sub‑groups within a
population based on observed variables. Related terms: cluster analysis, mixture modelling. Explanation:
Assigns individuals to mutually exclusive classes that best explain response patterns. Example: Survey
responses on brand attitudes reveal three latent classes: “price‑sensitive”, “brand‑loyal”, and
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“innovation‑seeker”. Practical application: Design differentiated marketing programmes for each class.
Challenges: Determining optimal number of classes; interpretability of abstract classes.

Lift Measurement – Concept: quantifies the incremental impact of a marketing action compared to a control
group. Related terms: uplift modeling, incrementality. Explanation: Calculated as (conversion rate of test
group ÷ conversion rate of control) – 1. Example: An email campaign achieves a 4 % lift in purchases over a
non‑exposed segment. Practical application: Validate spend effectiveness and optimise future campaigns.
Challenges: Selecting appropriate control groups; external factors may confound lift attribution.

Mood Tracking – Concept: monitoring consumer emotional states over time, often via self‑report scales or
passive sensing. Related terms: affective analytics, sentiment monitoring. Explanation: Captures fluctuations
that can influence purchasing behaviour. Example: A beverage brand surveys weekly mood, finding higher
sales of “comfort drinks” during rainy weeks. Practical application: Align product promotions with prevailing
moods to boost relevance. Challenges: Subjectivity of mood reporting; external events (news) can cause
rapid mood swings, complicating analysis.

Multivariate Testing – Concept: simultaneous experimentation of multiple variables to identify optimal
combinations. Related terms: factorial design, optimization testing. Explanation: Extends A/B testing by
evaluating interactions between variables (e.g., headline, image, CTA). Example: An e‑commerce site tests
three headlines, two images, and two CTA colours, resulting in 12 combinations; the best combination yields
a 18 % conversion lift. Practical application: Accelerate optimisation by uncovering synergistic effects.
Challenges: Requires larger traffic volumes for statistical power; analysis complexity grows exponentially
with variable count.

Market Basket Analysis – Concept: technique that uncovers product co‑purchase patterns within transaction
data. Related terms: association rules, affinity analysis. Explanation: Generates rules like “Customers who buy
bread also buy butter (confidence = 0.65)”. Example: A grocery chain discovers that customers purchasing
premium pasta also frequently buy organic sauce, prompting bundled promotions. Practical application:
Design cross‑sell offers and optimise shelf placement. Challenges: Sparse data for low‑frequency items; high
dimensionality can produce spurious associations without proper support thresholds.

Machine Learning Classification – Concept: supervised algorithms that assign categorical labels to
observations (e.g., churn vs. non‑churn). Related terms: logistic regression, random forest. Explanation:
Models learn from labeled training data to predict class membership on new cases. Example: A telecom
builds a classifier that predicts churn with 85 % accuracy, using features like call minutes, contract length,
and complaint frequency. Practical application: Trigger proactive retention offers for high‑risk customers.
Challenges: Over‑fitting; class imbalance requiring techniques such as SMOTE or weighted loss functions.

Net Promoter Score (NPS) – Concept: single‑question metric measuring likelihood to recommend a brand,
ranging from –100 to + 100. Related terms: customer loyalty metric, promoter‑detractor analysis.
Explanation: Respondents are grouped as promoters (9‑10), passives (7‑8), and detractors (0‑6). Example: A
SaaS company records an NPS of 32, indicating a solid base of promoters. Practical application: Track loyalty
trends over time and correlate with revenue growth. Challenges: Cultural response bias; NPS alone does not
explain underlying reasons for scores, necessitating follow‑up questions.
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Neuromarketing – Concept: application of neuroscience techniques (EEG, eye‑tracking, fMRI) to study
consumer responses. Related terms: affective neuroscience, brain imaging. Explanation: Provides insights
into subconscious processes that drive decision‑making. Example: EEG measurements reveal higher
emotional arousal when participants view a brand’s red logo versus a blue competitor logo. Practical
application: Refine visual branding to maximise emotional impact. Challenges: High cost; limited sample
sizes may reduce generalisability; ethical considerations around neuro‑data usage.

Needs Gap Analysis – Concept: assessment of discrepancies between current product offerings and
consumer needs. Related terms: gap identification, service gap model. Explanation: Involves mapping
existing features against identified consumer pain points. Example: Surveyed commuters express a need for
“offline music playback”, a gap in a streaming service’s feature set. Practical application: Prioritise product
roadmap items that close high‑impact gaps. Challenges: Accurately capturing
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