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Advanced Certification in AI in Tax Law (France)

AI in International Taxation

Artificial Intelligence in the context of international taxation refers to the use of computer systems that can
perform tasks normally requiring human intelligence, such as reasoning, learning, and problem‑solving. In
tax law, AI enables the processing of massive data sets, the discovery of hidden patterns in cross‑border
transactions, and the automation of routine compliance duties. For example, a multinational enterprise
(MNE) may employ an AI‑driven platform to analyse its global sales data and automatically suggest optimal
profit allocation strategies that comply with the latest Base Erosion and Profit Shifting (BEPS) guidelines.

Machine Learning (ML) is a subset of AI that focuses on algorithms that improve automatically through
experience. In international tax, supervised ML models are often trained on historical audit outcomes to
predict the likelihood of a future audit for a particular jurisdiction. Unsupervised techniques, such as
clustering, can group similar transactions across subsidiaries, revealing potential transfer‑pricing anomalies
that would otherwise remain unnoticed.

Deep Learning extends ML by employing multi‑layered artificial neural networks capable of handling
unstructured data such as text, images, and voice. A deep‑learning model can read and interpret tax treaty
documents in multiple languages, extracting relevant clauses on withholding tax rates or dispute‑resolution
mechanisms. This capability speeds up treaty‑based planning and reduces the risk of misinterpretation.

Neural Network architectures, especially recurrent neural networks (RNNs) and transformers, are
increasingly used for natural language processing (NLP) tasks in tax. An RNN can be trained on a corpus of
tax authority rulings to generate concise summaries of new guidance, while a transformer‑based model can
answer complex queries about cross‑border tax obligations in real time.

Natural Language Processing enables computers to understand, interpret, and generate human language.
In the tax domain, NLP powers chatbots that field taxpayer questions about digital services taxes (DST) in
the European Union, or assist tax advisors in drafting transfer‑pricing documentation by suggesting
appropriate language based on the OECD Transfer Pricing Guidelines.

Tax Knowledge Graph is a structured representation of tax concepts, entities, and relationships. By linking
entities such as “MNE,” “subsidiary,” “tax treaty,” and “effective tax rate,” a knowledge graph allows AI
systems to reason about the tax implications of corporate restructurings. For instance, when a new
subsidiary is added in a low‑tax jurisdiction, the graph can instantly highlight potential BEPS risks and
suggest remedial actions.

Transfer Pricing refers to the pricing of intercompany transactions for tax purposes. AI can automate the
benchmarking process by scanning massive databases of comparable uncontrolled transactions, applying
statistical techniques to derive arm‑length ranges, and flagging deviations that might trigger a tax audit. A
practical application is an AI‑driven “price‑setting engine” that proposes transfer‑pricing values for
intra‑group services, while simultaneously checking compliance with the arm’s‑length principle.
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Base Erosion and Profit Shifting (BEPS) is an OECD‑led initiative aimed at preventing tax avoidance through
the manipulation of profit allocation. AI tools help firms monitor BEPS‑related risks by continuously
analysing financial statements, supply‑chain data, and jurisdictional tax rates. Predictive models can
estimate the impact of proposed legislative changes on a company’s effective tax rate, enabling proactive
tax‑planning decisions.

Country‑by‑Country Reporting (CbCR) requires large MNEs to disclose financial data for each jurisdiction in
which they operate. AI can streamline CbCR preparation by automatically aggregating data from ERP
systems, reconciling discrepancies, and generating the required report in the prescribed XML format.
Moreover, AI can perform “what‑if” simulations to assess how changes in global profit allocation affect the
overall tax burden.

Tax Treaty is an agreement between two or more jurisdictions that allocates taxing rights and reduces
double taxation. AI can assist in treaty interpretation by extracting key provisions—such as reduced
withholding tax rates on dividends or interest—and applying them to specific cross‑border payment
scenarios. A practical example is an AI‑driven “treaty calculator” that determines the optimal routing of
royalty payments to minimise withholding tax while respecting anti‑abuse provisions.

Digital Services Tax (DST) is a levy imposed by several countries on revenues generated from digital services.
AI can monitor a company’s digital‑service revenue streams, allocate them across jurisdictions, and calculate
the DST liability in real time. By integrating with web‑analytics platforms, an AI system can identify the
geographic source of each user session, ensuring accurate tax reporting under DST regimes.

Algorithmic Transparency refers to the ability of stakeholders to understand how AI models reach their
conclusions. In tax, transparency is essential for auditability and regulator confidence. Techniques such as
SHAP (Shapley Additive Explanations) or LIME (Local Interpretable Model‑agnostic Explanations) can be
applied to tax‑risk models to reveal which variables—e.g., profit margin, related‑party debt, or jurisdictional
tax rate—most influence the model’s audit‑risk score.

Explainability is closely related to transparency but focuses on communicating model decisions in plain
language. For example, an AI‑driven audit‑risk engine may generate a report stating that “the high profit
margin in jurisdiction X, combined with a low effective tax rate, contributes 45 % to the overall risk score.”
Such explanations support tax managers in justifying decisions to senior leadership or tax authorities.

Data Governance encompasses the policies, procedures, and standards that ensure data quality, security,
and compliance. In the international tax context, robust data governance is mandatory to meet
confidentiality obligations under the OECD’s Common Reporting Standard (CRS) and the EU’s General Data
Protection Regulation (GDPR). AI systems must be built on clean, well‑documented data sets, with clear
lineage tracing from source ERP tables to the final tax model inputs.

Big Data describes the massive volume, velocity, and variety of information generated by multinational
operations. Tax AI platforms ingest structured data (financial statements, tax returns) and unstructured data
(emails, contracts, regulator announcements) to create a unified analytical environment. The ability to
process big data enables the detection of complex tax avoidance schemes that span multiple jurisdictions
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and involve numerous subsidiaries.

Tax Data Lake is a centralized repository that stores raw tax‑related data in its native format. By retaining the
original granularity of transaction‑level data, a data lake supports advanced analytics, such as anomaly
detection on intercompany loan interest payments. AI tools can query the data lake directly, bypassing the
need for extensive data transformation, thereby reducing latency in tax‑risk assessments.

Predictive Analytics uses statistical techniques and ML models to forecast future outcomes. In international
tax, predictive analytics can estimate the probability of a tax authority initiating an audit in a specific
country, based on historical patterns, the size of the tax base, and recent legislative changes. Companies can
allocate compliance resources more efficiently by focusing on jurisdictions with the highest predicted audit
risk.

Risk Scoring assigns a numerical value to each tax exposure based on a combination of quantitative and
qualitative factors. AI‑driven risk scoring models may incorporate financial ratios, transaction frequencies,
and external risk indicators (e.g., political stability). The resulting score guides the prioritisation of
compliance activities, such as the depth of documentation required for a particular intercompany
transaction.

Tax Compliance Automation leverages AI and robotic process automation (RPA) to execute repetitive
compliance tasks. Examples include the automatic filing of VAT returns in multiple EU member states, the
generation of withholding tax certificates for dividend payments, and the real‑time validation of tax
identification numbers (TINs) against global databases. Automation reduces manual errors, accelerates filing
deadlines, and frees tax professionals for higher‑value analysis.

Robotic Process Automation (RPA) is a technology that uses software “robots” to mimic human actions on
digital systems. In tax, RPA bots can extract data from legacy ERP screens, upload it into a tax‑reporting
platform, and reconcile the results with source documents. When combined with AI, RPA can handle
exceptions intelligently—for instance, by invoking an ML model to classify a transaction as “standard” or
“exceptional” before routing it for human review.

Smart Contracts are self‑executing agreements coded on blockchain platforms. While still emerging in tax,
smart contracts can automate the calculation and withholding of taxes at the moment of a cross‑border
payment. For example, a smart contract governing a royalty payment could automatically deduct the
appropriate withholding tax based on the parties’ tax‑treaty status, record the transaction on an immutable
ledger, and generate the requisite tax certificate.

Blockchain provides a decentralized ledger that ensures data integrity and transparency. In international tax,
blockchain can be employed for secure exchange of tax‑relevant information between tax authorities, such
as the automatic sharing of CbCR data via a consortium blockchain. AI can verify the authenticity of
blockchain entries, flagging any inconsistencies that might indicate data manipulation.

Tax Authority AI denotes the use of AI tools by revenue services to enhance audit selection, fraud detection,
and taxpayer services. For instance, a tax authority may deploy a neural network to analyse large volumes of
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customs declarations, identifying patterns indicative of transfer‑pricing manipulation. Understanding the
capabilities of Tax Authority AI helps tax practitioners anticipate enforcement strategies and adapt
compliance programmes accordingly.

Taxpayer AI refers to AI solutions developed by corporations to manage their own tax obligations. These
systems can perform duties ranging from routine filing to strategic planning. A typical Taxpayer AI suite
includes modules for transfer‑pricing documentation, global tax‑rate optimisation, and real‑time
compliance monitoring. The interaction between Taxpayer AI and Tax Authority AI is becoming a focal point
for regulatory discussions on fairness and data sharing.

Regulatory Sandbox is a controlled environment where innovative tax technologies can be tested under the
supervision of authorities. Participants can trial AI‑driven compliance tools without facing full regulatory
penalties, gaining insights into practical implementation challenges. Sandboxes also provide an avenue for
tax authorities to evaluate the impact of emerging AI capabilities on enforcement policies.

Ethical AI encompasses principles such as fairness, accountability, and transparency. In the tax arena, ethical
considerations include preventing discriminatory outcomes—e.g., a model that inadvertently assigns higher
audit risk to entities in certain developing countries due to biased training data. Companies must
implement governance frameworks that monitor AI behaviour, ensure compliance with ethical standards,
and document mitigation measures.

Bias in AI occurs when systematic errors affect model outputs, often reflecting underlying data imbalances.
In international tax, bias can arise from over‑representation of audit outcomes in high‑income jurisdictions,
leading the model to over‑estimate risk in similar economies. Detecting bias involves statistical tests, such
as disparate impact analysis, and corrective actions like re‑weighting training samples or augmenting data
with under‑represented cases.

Model Validation is the process of assessing an AI model’s performance against independent data sets.
Validation techniques—such as cross‑validation, out‑of‑sample testing, and back‑testing—ensure that a
tax‑risk model reliably predicts future audit events. A rigorous validation protocol is required by many
tax‑authority guidelines before an AI model can be used in official compliance decisions.

Training Data comprises the historical records used to teach an AI model how to recognise patterns. In tax,
training data may include past audit results, transfer‑pricing documentation, financial statements, and
treaty‑application outcomes. The quality and relevance of training data directly impact model accuracy;
therefore, data cleansing, deduplication, and enrichment are essential preparatory steps.

Supervised Learning involves training models on labelled data, where the desired output (e.g.,
“audit‑triggered” or “no audit”) is known. This approach is common in tax risk scoring, where historical audit
outcomes serve as labels. Supervised models can be calibrated to minimise false positives, ensuring that
compliance teams focus on truly high‑risk cases.

Unsupervised Learning discovers hidden structures in data without pre‑assigned labels. Clustering
algorithms can group subsidiaries based on financial ratios, revealing outliers that merit further
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investigation. An unsupervised approach is valuable when audit outcomes are scarce or when exploring new
tax‑risk dimensions not previously captured in structured datasets.

Reinforcement Learning teaches agents to make sequential decisions by rewarding desirable outcomes. In
tax, reinforcement learning could optimise the allocation of a limited compliance budget across
jurisdictions, learning over time which investments yield the greatest reduction in audit exposure. While still
experimental, this technique holds promise for dynamic, policy‑driven tax planning.

Feature Engineering is the art of selecting and transforming raw data into meaningful inputs for ML models.
In international tax, features might include “average effective tax rate,” “percentage of intra‑group services,”
“presence of double‑tax treaties,” or “frequency of cross‑border payments.” Proper feature engineering
enhances model interpretability and predictive power.

Model Drift describes the gradual degradation of model performance as underlying data patterns change.
Tax environments are particularly prone to drift due to frequent legislative updates, shifting economic
conditions, and evolving business structures. Continuous monitoring, periodic retraining, and the
incorporation of new regulatory data are required to mitigate drift and maintain model relevance.

Data Privacy concerns the protection of personal and sensitive corporate information. International tax AI
must comply with GDPR, which imposes strict rules on processing personal data such as employee
remuneration or shareholder details. Techniques such as data anonymisation, pseudonymisation, and
federated learning allow AI models to be trained on distributed data without exposing raw information.

GDPR (General Data Protection Regulation) sets the legal framework for data protection in the EU. When AI
systems process taxpayer data, they must implement lawful bases for processing, ensure data minimisation,
and provide mechanisms for data subjects to exercise their rights. Failure to adhere to GDPR can result in
substantial fines and reputational damage, underscoring the need for privacy‑by‑design in tax AI solutions.

Cross‑Border Data Flow addresses the transfer of data between jurisdictions with differing privacy regimes.
International tax AI often requires data from subsidiaries located in countries with restrictive
data‑localisation laws. Companies must navigate legal mechanisms—such as Standard Contractual Clauses
or Binding Corporate Rules—to enable lawful AI‑driven analytics while respecting local regulations.

Tax Information Exchange (TIE) is a cooperative mechanism whereby jurisdictions share taxpayer data for
enforcement purposes. AI can facilitate TIE by automatically extracting relevant data fields, standardising
formats, and securely transmitting the information to partner tax authorities. The speed and accuracy of
AI‑enabled TIE improve the effectiveness of anti‑avoidance measures.

Artificial Neural Network (ANN) is a computational model inspired by the human brain’s network of
neurons. In tax, ANNs can model complex, non‑linear relationships between financial variables and audit
outcomes, capturing interactions that traditional linear regression may miss. For example, an ANN might
uncover that a combination of high royalty payments and low R&D spend in a particular jurisdiction
significantly raises audit risk.

Decision Tree models split data based on feature thresholds, creating a flow‑chart‑like structure that is easy
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to interpret. In tax, decision trees can be used to determine the appropriate tax treatment for a cross‑border
transaction by following a series of logical questions (e.g., “Is the payment a service fee or a royalty?”). Their
transparency makes them suitable for compliance documentation.

Random Forest combines multiple decision trees to improve predictive accuracy and reduce over‑fitting. A
random‑forest model can assess the probability of a transfer‑pricing adjustment by aggregating the
predictions of many trees, each trained on a random subset of the data. The ensemble approach balances
interpretability with robust performance.

Gradient Boosting builds models sequentially, where each new model corrects errors made by the previous
one. Gradient‑boosting machines (GBMs) are widely used in tax risk scoring due to their ability to handle
mixed data types and capture subtle interactions. However, they require careful tuning to avoid excessive
complexity that could hinder explainability.

XGBoost is a highly efficient implementation of gradient boosting that supports parallel processing. Its
speed and accuracy make XGBoost a popular choice for large‑scale tax analytics, such as processing millions
of transaction records to identify outlier profit margins. The model’s feature importance scores can be
visualised to demonstrate which factors drive risk assessments.

Chatbot interfaces use NLP to converse with users in natural language. In the tax context, a chatbot can
answer employee queries about the correct VAT rate for a specific product, guide them through the steps to
claim a foreign tax credit, or provide real‑time updates on changes to DST legislation in various
jurisdictions.

Virtual Assistant extends chatbot capabilities by integrating with back‑office systems. A virtual assistant may
retrieve a taxpayer’s filing status, generate a draft tax return, and trigger an RPA bot to submit the return to
the appropriate authority, all while maintaining a conversational interface for the user.

Tax Advisory AI assists professional advisers by analysing complex tax scenarios and suggesting optimal
structures. For example, an AI platform could evaluate the tax impact of establishing a new holding
company in a low‑tax jurisdiction, taking into account treaty benefits, anti‑abuse rules, and potential BEPS
actions. The AI’s recommendations are accompanied by a detailed rationale, facilitating client discussions.

Tax Planning AI focuses on long‑term optimisation of a company’s global tax position. By simulating various
restructuring alternatives—such as debt push‑downs, intellectual‑property relocation, or supply‑chain
redesign—AI can identify the configuration that minimises the global effective tax rate while remaining
compliant with local regulations.

Tax Auditing AI supports internal audit teams by automating the selection of high‑risk audit targets and
providing data‑driven evidence for audit conclusions. An AI‑enabled audit may automatically retrieve
supporting documents, perform variance analysis, and flag inconsistencies, thereby reducing the time
required to complete an audit engagement.

Compliance Monitoring is the continuous surveillance of tax‑related activities to ensure adherence to legal
obligations. AI systems can monitor real‑time transaction feeds, compare them against pre‑defined
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compliance rules, and generate alerts for any deviations. For instance, an AI monitor could detect an
unexpected surge in intercompany loan interest in a jurisdiction with thin‑capitalisation limits, prompting
immediate corrective action.

Data Quality is paramount for reliable AI outcomes. Inaccurate or incomplete data can lead to misleading
risk scores and suboptimal tax decisions. Techniques such as data profiling, validation rules, and automated
reconciliation are employed to maintain high data quality throughout the tax AI lifecycle.

Data Lineage tracks the origin and transformation of data elements as they flow through systems. In a tax AI
environment, lineage documentation ensures that every model input can be traced back to its source ERP
table, facilitating auditability and regulatory compliance.

Data Integration involves consolidating data from disparate systems—such as finance, procurement, HR,
and customs—into a unified repository. Effective integration enables AI models to consider the full
spectrum of tax‑relevant information, from payroll taxes to customs duties, enhancing the
comprehensiveness of risk assessments.

Data Enrichment adds external information—such as country‑level tax rates, treaty networks, or industry
benchmarks—to internal datasets. Enriched data improves model accuracy by providing context that pure
internal data cannot supply. For example, adding OECD country‑risk scores to a transfer‑pricing model can
help differentiate between legitimate profit allocation and aggressive tax planning.

Model Governance defines the policies and procedures that oversee AI model development, deployment,
and maintenance. A robust governance framework includes version control, change‑management protocols,
role‑based access controls, and regular performance audits. In the tax domain, model governance ensures
that AI tools remain aligned with evolving regulations and internal risk appetites.

Regulatory Compliance for AI in tax extends beyond data protection to include sector‑specific rules, such as
the OECD’s Guidelines on AI‑Assisted Tax Administration. Companies must demonstrate that their AI
systems do not facilitate tax evasion, that they respect treaty provisions, and that they provide authorities
with sufficient transparency to verify compliance.

Model Interpretability is the degree to which a human can understand the internal mechanics of an AI
model. In tax, interpretability is critical because tax decisions often need to be justified to senior
management and tax authorities. Simple models—like decision trees—offer high interpretability but may
lack predictive power, while complex models—like deep neural networks—require post‑hoc explanation
techniques to satisfy interpretability requirements.

Model Accuracy measures how closely an AI model’s predictions match actual outcomes. In tax risk scoring,
accuracy is quantified using metrics such as the Area Under the Receiver Operating Characteristic Curve
(AUC‑ROC) or precision‑recall curves. High accuracy reduces false positives, conserving compliance
resources, but must be balanced against interpretability and regulatory acceptability.

Model Robustness assesses a model’s resilience to variations in input data. Tax models must remain robust
when faced with new transaction types, changes in tax law, or fluctuations in exchange rates. Stress testing,
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sensitivity analysis, and adversarial testing are methods used to evaluate robustness before deployment.

Model Fairness ensures that AI outcomes do not disproportionately disadvantage particular groups. In
international taxation, fairness considerations may involve preventing models from systematically assigning
higher audit risk to subsidiaries in emerging markets due solely to data scarcity. Fairness metrics—such as
demographic parity or equalized odds—can be applied to detect and correct inequitable behaviour.

Model Auditing is the systematic review of AI models to verify compliance with internal policies and external
regulations. Auditors examine model documentation, data provenance, performance logs, and the
adequacy of explainability mechanisms. A documented audit trail enables tax authorities to assess whether
AI‑driven decisions were made in good faith and in accordance with legal standards.

Model Deployment involves moving a trained AI model into a production environment where it can process
live tax data. Deployment considerations include scalability (handling large transaction volumes), latency
(providing real‑time risk scores), and security (protecting sensitive tax data). Containerisation technologies
such as Docker and orchestration platforms like Kubernetes are commonly used to manage deployment at
enterprise scale.

Model Retraining is the periodic updating of AI models with new data to maintain relevance. In tax,
retraining may be triggered by a major legislative change (e.g., the introduction of a new DST) or by a
significant shift in the company’s operational footprint. Automated pipelines can schedule retraining,
validate performance, and roll out updated models with minimal manual intervention.

Model Monitoring continuously tracks model performance metrics, data drift, and system health. Alerts are
generated when key indicators—such as a sudden drop in prediction accuracy or an unexpected increase in
false‑positive audit alerts—exceed predefined thresholds. Prompt remediation ensures that tax AI remains
reliable and compliant.

Model Documentation captures all aspects of a model’s lifecycle, from data sources and preprocessing
steps to algorithmic choices and performance results. Comprehensive documentation is essential for
regulatory review, internal governance, and knowledge transfer across tax teams.

Model Lifecycle Management encompasses the end‑to‑end processes of model conception, development,
testing, deployment, monitoring, and retirement. Effective lifecycle management aligns AI initiatives with
strategic tax objectives and ensures that models are decommissioned when they become obsolete or
superseded by newer technologies.

Transfer Pricing Documentation (TPD) is the set of reports required by tax authorities to substantiate the
arm‑length nature of intercompany pricing. AI can streamline TPD preparation by automatically generating
the “Master File,” “Local File,” and “Country‑by‑Country Report” based on real‑time financial data, thereby
reducing the time and cost of compliance.

Master File provides a high‑level overview of the MNE’s global operations, organisational structure, and
transfer‑pricing policies. AI tools can populate the Master File with up‑to‑date data, ensuring consistency
across jurisdictions and facilitating quick updates when corporate structures change.
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Local File contains detailed information on specific intercompany transactions within a particular
jurisdiction. AI can extract relevant transaction data, calculate comparability metrics, and draft narrative
explanations, allowing tax professionals to focus on nuanced analysis rather than data collection.

Country‑by‑Country Report (CbCR) discloses financial data for each jurisdiction of an MNE. AI‑driven CbCR
solutions can automatically aggregate profit, revenue, and tax paid figures from multiple ERP systems,
reconcile differences, and generate the XML filing required by tax authorities.

Effective Tax Rate (ETR) measures the proportion of profit paid as tax after credits and deductions. AI can
compute ETRs at a granular level—by entity, product line, or region—enabling tax managers to identify
jurisdictions where the ETR deviates significantly from the statutory rate, potentially signalling BEPS risk.

Statutory Tax Rate is the legislated rate applied to taxable income in a given jurisdiction. Comparing
statutory rates with computed ETRs helps detect mismatches that may trigger tax authority scrutiny. AI can
flag such mismatches and suggest corrective actions, such as adjusting intercompany pricing or revisiting
tax credit utilisation.

Thin‑Capitalisation Rules limit the amount of debt a subsidiary may hold relative to its equity, preventing
excessive interest deductions. AI can monitor debt‑to‑equity ratios across the corporate group,
automatically applying the relevant jurisdictional thresholds, and alerting tax managers when a subsidiary
approaches the limit.

Controlled Foreign Corporation (CFC) Rules aim to prevent profit shifting to low‑tax jurisdictions by taxing
certain passive income at the parent level. AI can identify CFC‑eligible entities, assess the nature of their
income streams, and calculate the required inclusion amounts for the parent’s tax return.

Anti‑Abuse Provisions are legislative safeguards that counteract artificial arrangements designed solely to
obtain tax benefits. AI can analyse transaction structures for characteristics that commonly trigger
anti‑abuse rules—such as circular financing or lack of commercial substance—and provide early warnings to
tax planners.

Tax Sparing Credit is a mechanism that allows a jurisdiction to preserve foreign tax credits for taxes that
were exempted in the source country. AI can track the availability of tax sparing credits across jurisdictions,
ensuring that MNEs correctly claim the benefits where applicable.

Withholding Tax (WHT) is a tax deducted at source on cross‑border payments such as dividends, interest,
and royalties. AI‑enabled calculators can determine the applicable WHT rate based on treaty provisions,
domestic law, and any available exemptions, automatically generating the necessary tax certificates for
recipients.

Tax Treaty Shopping involves structuring transactions to exploit favourable treaty provisions. AI can detect
patterns indicative of treaty shopping—such as routing payments through entities in third‑party
jurisdictions with advantageous treaty rates—and recommend alternative structures that reduce tax risk.

Digital Economy refers to business models that rely heavily on digital platforms, data, and intangible assets.
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Tax AI solutions tailored to the digital economy can map user‑based revenue streams, allocate profits to
jurisdictions based on user location, and calculate DST liabilities in accordance with emerging rules in the
EU and other regions.

Intangible Asset Valuation is critical for allocating profits to jurisdictions that own patents, trademarks, or
software. AI can assist by analysing market comparables, licensing agreements, and royalty streams to
produce defensible valuations that satisfy both tax authorities and auditors.

Profit Split Method distributes profits among related parties based on contributions to value creation. AI
can model the contribution of each entity—such as R&D effort, sales volume, or marketing spend—and
allocate profits accordingly, ensuring compliance with OECD guidelines.

Transactional Net Margin Method (TNMM) compares the net profit margin of a tested party against that of
comparable independent entities. AI can automate the selection of comparables, adjust for differences, and
compute the arm‑length range, significantly reducing the manual effort required for TNMM analyses.

Comparable Uncontrolled Price (CUP) Method compares the price of a controlled transaction with that of a
comparable uncontrolled transaction. AI can search extensive external databases for CUP comparables,
apply statistical adjustments, and generate a reliable benchmark price for transfer‑pricing documentation.

Revenue Recognition determines when and how revenue is recorded in the financial statements. AI can
assist by analysing contract terms, identifying performance obligations, and ensuring that revenue is
recognised in line with IFRS 15 or ASC 606, thereby supporting accurate tax calculations.

Tax Gap measures the difference between taxes owed and taxes actually collected. AI can help governments
estimate the tax gap by analysing large data sets, identifying under‑reported income, and modelling
compliance behaviour across sectors.

Tax Risk Management is the systematic identification, assessment, and mitigation of tax exposures. AI
enhances risk management by providing real‑time dashboards that display key risk indicators, heat maps of
high‑risk jurisdictions, and scenario analyses that quantify the financial impact of potential audit outcomes.

Scenario Analysis evaluates the impact of alternative assumptions on tax outcomes. AI can simulate multiple
“what‑if” scenarios—such as changes in corporate structure, tax law amendments, or shifts in market
conditions—and present the results in an intuitive visual format for strategic decision‑making.

What‑If Modelling is a specific form of scenario analysis that explores the consequences of hypothetical
changes. For example, a tax planner might ask, “What would be the effect on the global ETR if we relocate
the R&D function to Country A?” AI can instantly recalculate the tax positions, incorporating treaty benefits,
R&D tax credits, and potential BEPS adjustments.

Tax Forecasting predicts future tax liabilities based on projected financial performance. AI‑driven forecasting
models incorporate macro‑economic indicators, legislative calendars, and historical tax payment patterns to
generate accurate cash‑flow forecasts, aiding treasury planning and liquidity management.
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Tax Provisioning involves estimating tax expenses for financial reporting. AI can automate the calculation of
provisions for current and deferred taxes, applying the correct tax rates, tax credit utilisation, and temporary
differences, while ensuring compliance with accounting standards such as IAS 12.

Deferred Tax Asset (DTA) arises from deductible temporary differences that will reduce future taxable
income. AI can monitor the recoverability of DTAs by analysing projected future profits, tax credit expiry
dates, and changes in tax law, automatically adjusting the provision as conditions evolve.

Deferred Tax Liability (DTL) reflects taxable temporary differences that will increase future tax payments. AI
can track DTLs, assess the impact of tax rate changes, and recommend strategies—such as accelerated
depreciation—to minimise future tax burdens.

Tax Credit Carryforward allows unused tax credits to be applied to future tax periods. AI can manage credit
balances, schedule optimal utilisation, and alert tax managers when credits are nearing expiry, ensuring that
valuable tax benefits are not lost.

Tax Credit Carryback permits tax credits to be applied to prior tax periods, resulting in refunds. AI can
evaluate the feasibility of carryback elections, calculate the expected cash‑flow benefits, and prepare the
necessary amendment filings.

Tax Incentives are government‑provided benefits—such as reduced rates, exemptions, or credits—intended
to stimulate specific activities. AI can map the availability of incentives across jurisdictions, align them with
corporate projects, and quantify the incremental tax savings.

Tax Residency determines the jurisdiction in which an entity or individual is subject to tax. AI can assess
residency criteria—such as place of effective management, incorporation, or permanent establishment—
across multiple countries, helping multinational groups avoid unintended dual residency and double
taxation.

Permanent Establishment (PE) is a fixed place of business that creates a taxable presence in a foreign
jurisdiction. AI can analyse contractual arrangements, employee locations, and activity patterns to
determine whether a PE exists, thereby guiding appropriate tax filing and compliance.

Economic Nexus expands the concept of physical presence to include economic activity thresholds, such as
sales volume or transaction count. AI can monitor these thresholds in real time, alerting companies when
they cross the nexus point and must register for tax in a new jurisdiction.

Tax Authority Data Analytics refers to the use of advanced analytics by revenue services to identify
non‑compliance patterns. Understanding the techniques employed by tax authorities—such as clustering of
high‑risk entities or machine‑learning‑based anomaly detection—enables corporations to anticipate
enforcement actions and adapt their compliance strategies.

Data Anonymisation removes personally identifiable information from data sets while preserving analytical
value. In tax AI, anonymisation is crucial when sharing data with external partners or using cloud‑based
services, ensuring compliance with privacy regulations without sacrificing insight.
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Federated Learning enables multiple parties to collaboratively train a model without exchanging raw data.
Tax organisations can use federated learning to build robust risk‑assessment models that benefit from
diverse data sources—such as several subsidiaries—while keeping each dataset locally stored and secure.

Explainable AI (XAI) provides techniques that make AI decisions understandable to humans. In tax, XAI
methods—such as SHAP values—help illustrate why a transaction was flagged as high risk, supporting
internal justification and external audit defence.

Algorithmic Bias Mitigation involves techniques to reduce unfair outcomes in AI models. Tax practitioners
can apply re‑sampling, re‑weighting, or adversarial debiasing to ensure that models do not systematically
penalise subsidiaries in emerging economies due to data sparsity.

Regulatory Sandboxes provide a safe space for testing innovative tax technologies under regulator
supervision. Participating in a sandbox allows tax departments to experiment with AI‑driven compliance
tools, gather real‑world performance data, and refine solutions before full‑scale deployment.

Compliance Calendar tracks filing deadlines for tax returns, information exchanges, and statutory reporting
across jurisdictions. AI can automatically populate a compliance calendar, send reminders, and suggest
optimal filing sequences based on workload and risk considerations.

Audit Trail records every action taken by an AI system, from data ingestion to model inference. Maintaining
a comprehensive audit trail is essential for regulatory scrutiny, internal governance, and forensic analysis in
the event of a tax dispute.

Data Encryption protects data at rest and in transit. International tax AI platforms must employ strong
encryption standards (e.g., AES‑256) to safeguard sensitive financial information, especially when
transmitting data across borders.

Access Controls restrict system access based on user roles and responsibilities. Role‑based access ensures
that only authorised tax professionals can view or modify high‑sensitivity data, reducing the risk of internal
breaches.

Change Management governs the process of introducing new AI tools into existing tax workflows. Effective
change management includes stakeholder communication, training programmes, and pilot testing to
ensure smooth adoption and minimise disruption.

Stakeholder Engagement involves collaborating with internal groups—such as finance, legal, and IT—as well
as external parties like auditors and tax authorities. AI projects succeed when all stakeholders understand
the objectives, data requirements, and expected benefits, fostering a culture of shared responsibility.

Training and Upskilling are essential for tax professionals to harness AI capabilities. Continuous learning
programmes covering data literacy, ML fundamentals, and AI ethics empower teams to interpret model
outputs, challenge assumptions, and contribute to model refinement.

Proof of Concept (PoC) is an initial implementation that demonstrates the feasibility of an AI solution on a
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limited scale. In tax, a PoC might involve applying a risk‑scoring model to a single jurisdiction, measuring
accuracy, and evaluating
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